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Noise Separation
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Noise Separation

I I I I I
3 0, L Dﬁ' B Eﬁ%ﬂ o EEDS b ] o g" = " m
] ]
m B gmg EhDDD!DD m By 5y DDDEI DDDD%DE I:EII:H:R
= DD!_‘E‘q_-m Ofm © R o =)=
2 L T i e %DD% ST 8 . i
m
= EEDD m| 0 " E':l:% Un ] b . ED Co Bk EIE m B .
o # gl E g By o o m " A = o8 g DEID B
m | Tweg m o ‘HAA . B . | =B L
H = B .#A % " B —
Y ! DDmDD o &mﬂﬁ oo A o @ B @ II:]E -
ng® mrel BT e R AAL T4 e f | Vpes
o a8 A pe 8 Dmg ‘}“‘} =g WIS N
'Y 24 A A 4 B2 aagans
A
0 £ Y Ve ﬁA ‘: A LR “a I:||:|A 1 pafa, Lo m
204 aAL s, s - E,‘jj =] AAAA BB anpd &A “A A A
m 4 taph iRk . A“Aﬁ“‘: fan Ly Ea m @ st A s %,
g e &8, A a 2 | g Iﬁ“n%u an A AR,
-1+ m A A NN - =] =
| | | | | | | | | |
-35 -3 -25 -2 -15 -1 -05 O O05 1 15 2 25 3 35
X



Noise Separation




Multimodal data
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Multimodal data
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Multimodal data




Multimodal data
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Graphical Model of DAGP

Mode models

©

@

~©

s
BE

Mode weights

K

Mode assignment



Graphical Model of DAGP
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Graphical Model of DAGP
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Wet-Chicken Benchmark'

waterfall
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"Tresp 1994; Hans and Udluft 2009.

Dynamics Agent in a flowing river
Goal Get close to the waterfall
State (x,y)-position in R?

Action (x,y)-movement in R?



Wet-Chicken Benchmark'
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"Tresp 1994; Hans and Udluft 2009.



Wet-Chicken Benchmark'

waterfall waterfall

A A

Flow

e

"Tresp 1994; Hans and Udluft 2009.



Wet-Chicken Benchmark'

waterfall waterfall
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"Tresp 1994; Hans and Udluft 2009.




Wet-Chicken Benchmark'

waterfall waterfall
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"Tresp 1994; Hans and Udluft 2009.



Multimodal System Dynamics
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Multimodal System Dynamics
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Multimodal System Dynamics
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Multimodal System Dynamics
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Conservative Policy Tra
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22% drop rate



Conservative Policy Tra
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22% drop rate
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R'(x,y) = R(x,y) - 5 - p(drop|x, y)

19% drop rate



Data Association with Gaussian Processes

+ Separate models per mode

* Predictive Associations

« Scalable inference

* Hierarchical priors
* Interpretable sub-models

+ Stochastic systems

Markus Kaiser — mrksr.de
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Variational Bound

p(Y,AF,, U|X)
Zoacp = Eqre,u)|108
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Predictive Posterior
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